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Collecting personal networks

Elicited network (name generator)

Personal networks > Travel behaviour that “emerges”
| Lugar de Encuentro Alters y Espacio de Relaciones Cotidi T IR T
alters i & Z
‘ ; ® sty s 7 <
| 2y ¥
. .. - -.,.- S Fi =
.'"" Mdl
| e
‘ ﬁ_‘ 7--Boming 3 ——F
. : e '
- R 3




Collecting personal networks

“Revealed” network (name generator)

“With whom” activity

and travel is performed

Personal networks

=)

Start Time Type With Whom

8:00 Home Family

9:00 Soccer play Albert, Peter, Joseph
13:00 Lunch Friend: Peter

14:00 Work Alone

17:00 Shopping Francis

19:00 Social (host) Francis, Mary and Peter
23:00 Sleep Family




Name generators and interpreters

Name generators

* Question(s) used to elicit alter

* Approaches (usually a combination):
— Role-relation (e.g., friend, family)
— Interaction (e.g., activity diary)
— Affective (e.g., emotional relationship)

— Exchange (e.g., social support, influence)

(Marin and Hampton, 2006)



Name interpreters and network structure

Network structure

Relationships between alters

Name interpreters

Follow up questions that gather information on socio-
demographic characteristics of each alter and relationship
between ego and alter



Example

* Name generators

— Very close people consisted of “people with whom you
discuss important matters with, or regularly keep in touch
with, or they are for you if you need help”

— Somewhat people consisted of “more than just casual
acquaintances, but not very close”



Example (cont’d)

* Network structure
— From the ego’s perspective
— Beyond groups: link by link (feasible)

— Key dimensions: size, composition, structure

* Name interpreters

— Frequency of interaction: face to face, telephone, ICTs

— Spatial location, place of frequent interaction
— Role / Social support



A, Only ties. Dashed tags labeled as
somewhat close, solid as very close

C. 5omewhat close edges added
[dashed linas).

B. Very close edges. Cligues denoted  ——. "%

by shaded areas, dyads by lines. o

[ Graph represented using GUEA5. Labels denote
role, size denotes ring. Circle: female, sgaure: male,




Name generators: Challenges

Challenges with name generators

* What are they supposed to construct?

For what research question?

Some key aspects

Interpretation of questions
Recalling

Context of questions
Ordering of eliciting questions
Learning

Guided versus self-guided

Offline versus online methods




Name generators: Challenges

* Interpretation of questions
— What is an “important matter’?
— Who is a “friend™?

— Who is emotionally “close” (tie strength)?

* Recalling

— Recall and observation do not match up -- “people do not
know, with any acceptable accuracy, to whom they talk over
any given period of time”

— Evidence that people are good at recalling typical interactions,
bad at answering about specific time scales

(McCarty and other authors)




Name generators: Challenges (cont’d) "

e Context
— Daily mobility
— Evidence that people are good at recalling typical
interactions, but bad at answering about specific time scales

* Ordering of eliciting questions
— We may want to capture multiplexity

— Known effects: Fatigue, satisficing, non-redundancy,
cognitive priming, question scope redefinition
(Pustejovsky and Spillane, 2009)




Name generators: Challenges (cont’d) "

* Learning
Previous knowledge of the instrument
— Repeated observation
— People
* Guided versus self-guided
— Cognitive, cultural capital differences

— Self guided: Toronto and Ljubljana




Name generators: Challenges (cont’d)

Offline versus online methods Hogan et al. 2016

*~e
L ]
/
e i
= o]
-
© nfhed
e T T T ———— — —
AEERF88Q0|VY
F———
@
(Dree O
= ﬁj
\g“ ,.,__E:»:.:i “QM
. v .. u:-nu-u ;.,.4‘
Interviewer effects!? = 0 o
z. -
‘Mmm s 6. 'Q
=




Name interpreters: Challenges

Challenges with name interpreters

Recalling

Accuracy (temporal and spatial)
Burden

Privacy

Self-learning




Network structure: Challenges

Challenges on studying network structure
* Name generator DOES matter
* Network composition as a key

Income, gender, age

e Structural characteristics: How relevant!?
Overall network: Size, density, subgrouping...

Node: degree, transitivity, structural equivalence...




Another example (hame numerator)

YEEY SOMEWHAT
clios: closs
Q75 naembers of your immediate famiby who don’t Hve with - -
yor (sach as parents, siblings, children)
29,10  Other relatives g £
G11-2 Melghbouars g g
2134 People you carrently weok with, or go to schoal with I g
o156 People you know only online I Gl
2. 17-8  People from organirations (such 35 church, sports leagnes, : s
business associations) D -
2.19-20 Friends not included ahove g g
021-2  Other people not inchaded abave
Relationship to you- ]['!111] - e
Ahout how many of these two types of peopls are._.. VERY Closa SOMEWHAT closs
9.73-4 Women g &
9.I15-6 Men g &
About how many of these two types of people... VERY close SOMEWHAT close
2.27-5  Live In Canada and more than an hoar's travel away B F
0.29-30  Live ouislde of Canada ¢ g
VERY SOMEWEHAT
@ About how many of these two types of people.. dase close
231-2 Do yoa call by cell phome, typically at least once 2 wesk g “E
233-4 Do yoa call by cell phome, typlcally befween once 2 week and once 2

manth F £ 17



Personal network analysis

Broad range of research questions in recent transport
literature

Frequency of interaction, spatial distribution

Social support (capital), network dynamics, social
influence,

Network simulation and synthetic approaches

Comparative research



Personal network analysis

Social space: ties




Personal network analysis
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Personal network analysis
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Personal

network analysis
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Personal network analysis
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Personal network analysis
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Personal network analysis
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Personal network analysis

Spatial distribution and distances

26



Personal network analysis

Spatial distribution and distances

Hot Spot de Lugar de Interaccion Mas Frecuente: Barrio Aguita de la perdiz

<-2.58 Std. Dev.

-2.58 - -1.96 Std. Dev,|
| 1-1.96 - -1.65 Std. Dev,|
| 1-1.65-1.65 Std. Dev.
1.65 - 1.96 Std. Dev.

1.96 - 2.58 Std. Dev.

>2.58 Std. Dev.

Red Vial

Limite Urbano

Hot Spot de Lugar de Interaccién Mas Frecuente: Barrio La Virgen

<-2.58 Std. Dev.

-2.58 - -1.96 Std. Dev,
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Personal network analysis

Comparative research: Distances
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Personal network analysis

Comparative research: Distances
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Personal network analysis

Network capital (social support)

 Emotional , _
Reciprocity

* Monetary

* Instrumental
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Personal network analysis

Differences between name generators

m Neighbourhood

Name Low income, High income, Low income, High income,
generator high Access high access low access low access
Emotional

motiona 18.5 19.9 15.6 19.6
Closeness
Net I

eRwori 9.6 14.0 9.8 16.0
Capital
Social Activities 6.6 6.3 5.5 5.3
Time Use 3.6 4.5 2.3 3.0

Also: frequency of interaction, distance, social support exchange
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Integrating qualitative methods

Social influence in new technology adoption (Axsen and Kurani)

IE-t.age 1: Primary household constructs personal nebwork | [Stage 2: Collect baselne info fom secondary paricpants
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Integrating qualitative methods

Social influence in new technology adoption (Axsen and Kurani)

Social Proximity to Billy

Stranger

Casual
Acquaint.

4th Circle

31 Circle

2nd Circle

1st Circle

Coworkers

() Didn't discuss PHEV w/ Billy

@ Lower influence interaction

@ Mod influence interaction

@ Higher influence interaction

@ Interviewed secondary

Somewhat close tie

Very close tie

Longtime
Friends

Golf Buddies
Out-of-State et and Friends Girlfriend and
Friends Il s Her Daughter
Billy Woods

@
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Integrating qualitative methods

—=|

Ethnographies, travel experience, and interdependence

Exchange 1 Exchange 2

| B
i = e~

Exchange 3

02°:00"
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Integrating qualitative methods

Ethnographies, travel experience, and interdependence

Example: Gladys

The case of Gladys clearly shows interdependency, specifically that
experienced by an adult women, mother and wife, with a paid job on the
other side of the city

She lives in a peripheral area of Santiago, where she has lived all her life, just
like the rest of the family. Gladys’ residential location is not contingent:
her interdependence network has a strong anchorage in the physical
proximity of other family members, including her parents, sister and
nephew, thus the life she lives cannot be conceived outside this area.
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Integrating qualitative methods

Ethnographies, travel experience, and interdependence

Example: Gladys
Hom Parent w’s Daughter* Petrol Charless @ Gladys’
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Summary

* Collecting personal network data
— Feasible!
— Aware of intrinsic challenges / biases of the process

— We always gather only a part of the social network
* Analyzing personal network data

— Travel behavior as truly emerging from social relations

— Several dimensions to be explored: Richness comes with
integration

* Integrating qualitative and other information

— Serve to understand embedded contexts and decision-
making processes
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